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Abstract: Because of the fact that the update mode of the for-

)

get gate of standard long short-term memory (abbr. LSTM)
could not reflect the correction of predicated error to the model
based prediction value in real time, a real-time wind power pre-
diction model utilizing error following forget gate (abbr. EFFG)-
based LSTM was proposed. The error between the predicted
value of wind power and the actual value at the previous mo-
ment was used to update the forget gate, thus the influence of
the predicted error of the wind power at the previous moment
on the prediction accuracy at current moment could be reduced,
and the rolling prediction accuracy of wind power could be im-
proved. The historical wind power data of a certain actual wind

farm and the numerical forecasted meteorological data were
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utilized to verify the proposed model. Verification results show
that the root-mean-square error of the value predicted by the
proposed real-time wind power prediction model based on
EFFG-based LSTM is less than 3%, and both accuracy and ac-
ceptability reach more than 90%, thus such results are better
than the prediction accuracy by the models based on support
vector machine and standard LSTM model.

Keywords: wind power; real-time prediction; time series;
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Fig.1 Construction of input feature sequence data for

real time prediction
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Fig. 6 Predicted wind power within 4 hours
by three models
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Fig. 7 Predicted wind power within 24 hours
by three models
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Table 3 Evaluation indices of predicted results within 4
hours by different prediction models

TR

P EAT
SVM LSTM EFFG-based LSTM
RMSE 8.47 3.48 2.32
AR 77.93 85.41 92.07
QR 76.56 84.25 91.46

F4 EWNEBTN 24 h RAEHERLERGIERTESR
Table 4 Evaluation indices of predicted results within 24
hours by different prediction models

TR

ARCIEEEZ
SVM LSTM EFFG-based LSTM
RMSE 12.45 5.95 2.97
AR 70.38 80.94 91.34
QR 71.24 80.12 90.82
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